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🤗 Contribution:

Ø Framework Ø Quantative Results on nuScenes dataset

Ø Quantative Results on Bench2Drive dataset

Ø Different bidirectional scan methods

Ø Comparisons between Transformer-based E2E-AD and DriveMamba

Ø Qualitative 
Results

ü Sequential paradigms suffer from information loss and 
cumulative errors and hinder the task synergies learning 
(e.g. diverse and flexible task relations).

ü BEV-Centric paradigms are computational expensive for 
long-term and long-range modeling.

ü Existing Query-Centric paradigms have limited scalability 
owing to quadratic-complexity attention and insufficient 
interaction order for downstream ego-planning.

ü A Task-Centric paradigm for end-to-end autonomous 
driving, which integrates view correspondence learning, 
task relation modeling and long-term temporal fusion 
into a Unified framework with high efficiency and 
scalability.

ü A Hybrid SpatioTemporal Scan method to capture task-
related inter-dependencies from trajectory-guided 
“Local-to-Global” and “Spatial-to-Temporal” 
bidirectionally.

ü SOTA performance achieved on both open-loop and 
closed-loop planning evaluation (e.g. nuScenes and B2D).


