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Open-loop Planning Evaluation on nuScenes val dataset
EgoFSD-S can achieve great efficiency with 16.7 FPS, 9.3×and 3.7×faster than UniAD
and VAD respectively.

Necessity of Geometric Prior
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Closed-loop Planning Evaluation on Bench2Drive dataset
EgoFSD-S achieves both the lowest L2 error and best closed-loop performance with great 
efficiency, showcasing the superiority and generalizability of our proposed method.

Qualitative Results of EgoFSD Effect of Iterative Refinement stages

Comprehensive Benchmarking of EgoFSD on both Open-Loop and Closed-Loop Planning Capability

Motivation

Contribution

Existing end-to-end driving systems lacking ego-centric designs still suffer from 
unsatisfactory performance and inferior efficiency, due to rasterized scene representation 
learning and redundant information transmission.

Comparison of E2E-AD paradigms
.

ü An Ego-Centric Fully Sparse paradigm for end-to-end self-Driving, named EgoFSD, 
without dense representation learning and redundant environmental modeling.

ü A geometric prior through intention-guided attention, where the Closest In-Path Vehicle / 
Stationary (CIPV / CIPS) are gradually picked out through ego-centric cross attention and 
selection.

ü Both position-level diffusion of interactive agents and trajectory-level denoising of ego-vehicle 
are adopted for uncertainty motion modeling.

ü SOTA performance achieved on both Open-loop and Closed-loop planning evaluation.

Framework of EgoFSD with 3 Components: Sparse Perception, Hierarchical Interaction and Iterative Motion Planner 


